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Spatial Neighboring Clustering Method for Hyperspectral
Imagery Based on Kernel Spectral Angel Cosine

CHEN De rong', SUN Bo®, TAO Peng', GONG Jitr Iu'
(1 School f Aerospace Science and Tedhnology , Bejing Institute of Technology , Bejing 100081, China;
2 College f Information Science and Tedhnology , Bejing Normal University, Bejing 100875, China )
Abstract:  The paper presented the concept of KSAC ( Kernel Spectral Angel Cosine) to address the restrictions that the clas
sification precision of hyperspectral imagery is very sensitive to segmentation threshold based on SAC ( Spectral Angel Cosine).
First, we defined the representation of KSAC, and then analyzed the effect of polynomial kernet function parameter on KSAC, at
last, we presented the method of spatial neighboring clustering based on KSAC. The experiments on the hyperspeciral imagery of

Shenzhen Red forest field indicate that the threshold area coverage of the spatial neighboring clustering based on KSAC is extended
up to nine times of that based on SAC.
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